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e hdfs dfs -Is /
« mkdir(BI & B 3x)
* hdfs dfs-mkdir [-p] (pFILinUXxZ& F3TR—FF)
* hdfs dfs -mkdir -p /test/testl/test/test?
* mv
* hdfs dfs -mv URI [URI ..]
* hdfs dfs —-mv /output/CHANGES.txt/output/README.md/test/test2/
* put(f%)
* hdfs dfs -put ...
* hadoop dfs-put c.txt d.txt/test/test2/

* rm (MIBR)
 hdfs dfs -rm [-f] [-r|-R] [-skipTrash] URI [URI ...] (f: 2&IA r:13 I3 A
B& skipTrash: EEMIR )
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/1R B X
public static void mkdir(String path) throws |OException{
Configuration conf = new Configuration();
FileSystem fs = FileSystem.get(conf);
Path srcPath = new Path(path);
boolean isok = fs.mkdirs(srcPath);
if(isok){
System.out.printin("create dir ok!");
elsef

System.out.printIn("create dir failure");

}
fs.close();
}
/EBR X HHIAR

public static void readFile(String filePath) throws IOException{
Configuration conf = new Configuration();

FileSystem fs = FileSystem.get(conf);

Path srcPath = new Path(filePath);

InputStream in = null;

try {

in = fs.open(srcPath);

|OUtils.copyBytes(in, System.out, 4096, false); /& HI 2 kR A %

} finally {

IQUtils.closeStream(in);

H}

java hadoop API7=fl
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public class MyMapper extends
Mapper<Obiject, Text, Text,IntWritable> {
orivate final static IntWritable one = new IntWritable(1);
private Text word = new Text();
public void (Object key, Text value, Context context) throws
|OEXxception, InterruptedException{
StringTokenizer itr = new StringTokenizer(value.toString());
while (itr.hasMoreTokens())
{
word.set(itr.nextToken());
context.write(word,one);

}
}
}
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package cn.edu.usst.mapreduce;

import org.apache.hadoop.io.IntWritable;
import org.apache.hadoop.io.Text;
import org.apache.hadoop.mapreduce.Reducer;

import java.io.lOException;

public class MyReducer extends Reducer<Text, IntWritable, Text, IntWritable> {
private IntWritable result = new IntWritable();
public void (Text key, Iterable<IntWritable> values, Context context) throws
|OEXxception,InterruptedException{
int sum = 0;
for (IntWritable val : values)

{

sum += val.get();

}

result.set(sum);
context.write(key,result);
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public class WordCount {
public static void (String[] args) throws IOException, ClassNotFoundException,

InterruptedException {
Configuration conf = new Configuration(); //F% iz 17 24
String[] otherArgs = new GenericOptionsParser(conf,args).getRemainingArgs();//3): 1L 217 4
ANSH
if (otherArgs.length 1= 2)
{ System.err.printin("Usage: wordcount <in> <out>");
System.exit(2);
}
Job job =Job.getInstance(conf,"word count"): /1% & i 2%
job.setJarByClass(WordCount.class); //1 & #F 711544
job.setMapperClass(MyMapper.class); /i IIMyMapper s
job.setReducerClass(MyReducer.class); /[ IMyReducerss
job.setOutputKeyClass(Text.class); //14 & it F 7
job.setOutputValueClass(IntWritable.class); /1 & i 2571
/I job.setCombinerClass(IntSumReducer.class);//Ff J5 combine
FilelnputFormat.addInputPath(job,new Path(otherArgs[0])); //v & 4 A\ A
FileOutputFormat.setOutputPath(job,new Path(otherArgs[1])); /1% & fii i A
System.exit(job.waitForCompletion(true)?0:1)://4 %2 {1 % #lhadoop

}
}
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